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Abstract: Wood nondestructive detection is an important technology to increase wood utilization rate and opti-
mize forest resources. As an advanced nondestructive detection technology, hyperspectral imaging (HSI) inte-
grates conventional imaging and spectroscopy to attain both spatial and spectral information from an object. It
has the advantages of non-destructively detecting both physical, morphological characteristics, and chemical in-
formation of the object in many fields. This paper introduced the hyperspectral imaging technology, including
its principles, equipment, image acquisition, processing methods and etc. Furthermore, recent advances in the
application of HSI to wood and wood products quality assessment such as defect identification, physical-me-
chanical properties detection and constituent analysis were reviewed comprehensively for the first time. The re-
view indicated that HSI had good application prospects in the nondestructive detection of wood and wood prod-
ucts. [Ch, 4 fig. 51 ref.]
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