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Abstract: Remote sensing data from the Chinese GF-2 satellite, the highest spatial resolution satellite for civil-
ian satellites so far, was used to explore satellite performance for forest resource information monitoring. This
research took Pinglang County as the study area, analyzed characteristics of different objects, such as spectrum,
normalized difference vegetation index (NDVI), and texture; extracted Eucalyptus data based on the method of
object-oriented classification using GF-2 satellite data; and then evaluated classification accuracy (Confusion
Matrix ). Results showed that the object-oriented classification method was an effective technical method for ex-
traction of Fucalyptus information with classification precision reaching 81.4% (producer’s accuracy) and
86.4% (user’s accuracy). Thus, GF-2 satellite data with high temporal and spatial resolution could provide a
potential data source for remote sensing monitoring of forest resource information. [Ch, 5 fig. 4 tab. 25 ref.]
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Figurel Location of the study area and sampling points distribution in the study area
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Figure 2 Flow chart of eucalyptus extraction based on object-oriented method
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Figure 3 Image segmentation comparison with different scale parameters
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Table 1 Spectral values of different land cover types
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Table 2 Gray level co-occurrence matrix (GLCM) textures of different land cover types
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Table 3 Confusion matrix of eucalyptus extraction

S A A 2 R wﬁ;}%ﬁ%%ﬂ/ﬁfmﬁ% Stk oy iR %1% JH PR 1%
iR AR 57 13 70 18.6 81.4
o pth 9 61 70 12.9 87.1
it 66 74 140
T 4 iR 2% 13.6 17.6
A H R 1% 86.4 82.4
KA L% 84.3
Kappa & %X 0.73
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