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Abstract: In order to help the public to recognize ornamental plants on the campus, an APP (application) used
for recognition of ornamental plants by utilizing the laminas was designed based on the iOS operating system.
The local SQLite database was established to store the feature data of the laminas and the attribute information
of the plants related to campus culture. The images of the laminas of the plants were acquired by taking photos
with iPhone, which were then converted to grey-scale maps. The OTSU method was utilized to segment regions
for the laminas, and 10 features of the laminas such as color, shape and texture were extracted. The laminas
were then recognized with the support vector machines (SVM) classifier, and corresponding image and text in-
formation were displayed on iPhone. According to research findings, the average recognition rate of laminas of
the 8 selected ornamental plants was 92 per cent, with average recognition time of 2.6 s. The system is simple
and convenient, providing a method for realizing automatic mobile recognition of campus ornamental plants
based on laminas. In addition, it gives full play to scientific values and unique humanistic values of ornamental
plants on the campus. [Ch, 5 fig. 4 tab. 11 ref.]
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Figure 1 Flow diagram of system research and development
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Table 1 Features
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1D integer L R Shape4 double TBRZSH
H_Value double £ A0 4 {E Texturel double fig it
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Shapel double I\l Texture3 double i)
Shape2 double HY R Texture4 double JR iR Rk
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Figure 2 System schematic and recognition procedure diagrams
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Table 2 Information
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Figure 3 Leaves of the 8 selected ornamental plants
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Figure 4 Examples on procedures for leaf image segmentation
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Table 3 List of mean values of features of each plant leaf
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Figure 5 System interface and function exhibition
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Table 4 Recognition rate and time of various ornamental plants recognition APP

I W/ % FHIR /s
Bt TEER AT 5 B AR AW 5T

IIES 88 91 91 1.8 2.0 2.1
2 81 85 87 1.9 1.8 3.0
A 94 78 97 22 2.4 2.6
Kt #1 88 90 93 1.6 2.7 32
SR/ EE 93 85 96 2.4 1.9 2.1
ERN L 83 80 89 2.1 22 2.7
GERIE K 78 88 87 15 2.5 2.3
EARDIER 91 75 96 1.7 2.1 2.8

Ty 87 84 92 1.9 2.2 2.6
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